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Remove friction from the delivery process by automating what we can

Incorporate monitoring and tracing tools into the delivery process

Reduce rework in the form of defects caused by environmental and
configuration drift

Detect and address issues as soon as they occur



Innovate | Deliver | Transform

# Estafet .
Integration

ACT

www.estafet.com



Estafet

Innovate | Deliver | Transform

Integration

«Pods
Basic UL
«Poda >
aaaaaaaaaaaaa ry
Sprint
Poc «Pod»
Burndown Sprint Burndown
«F wods  leeeed | emoce |
Sprin ask AP
«Pod:
Boss A-MQ
$53ge Broke
T
+Fods
Project AP
«F <Pods «Poce «
Sprint API Task API Project Burndown Stoy

www.estafet.com

ACT

S

\



Estafet

Innovate | Deliver | Transform

Integration

“Fods
Basic UL
«Pods «<Pods
wwwwww Discovery
Sprin
«Poce «Pod»
nnnnnnnnnnnnn Sprint Burndown
«Pod» sPoce | «F
Spi ask AP tory A Proje
<Poce
JBoss A-
ssssssssss
+Fods
Project AP
<Pods <Pods <Pots «Foce «
Sprint Bur n Spi TaskaPr | | ProjectaPr roject Burndown Sto

www.estafet.com

ACT




Estafet .
Innovate | Deliver | Transform | ﬂ te g ratl O n

ACT

@ Login - OpenShift Origin X

< C' A Not Secure https://192.168.64.32:8443/login?then=%2Foauth%2Fauthorize%... w @ ® ' X B a OH
*Apps ) scribble [T]intranet & QA (@ DevOps (@ ArchDev [l Gitter (I Opentracing [J] Estafet QA ¥ JIRA 52 GoDoc » [ Other Bookmarks

create-devops-¢
create-devops-er i
create-local-er OPENSHIFT ° e
create-local-envit I I n
create-local-test q

. o-local- t

create-prod-env

create-test

create-test

environment

stev vl Cre

steve? ]

&)
@

Starting OpenShi

Opcr‘Sva:t server ¢ 0 P E N s H I F T OR'GIN

The server is acce

https://192.1 Username J 9} Welcome to OpenShift Origin.

You are logged in

Password:
Login

To login as admini
oc login -u s

xporting of O
stev /minishift
mini
stev
/Users/stalbot/mi

aifiw 300 *°

steve? ./minishif




Estafet .
Innovate | Deliver | Transform | ﬂ te g ratl O n

ACT

@ Login - OpenShift Origin X

< C' A Not Secure https://192.168.64.32:8443/login?then=%2Foauth%2Fauthorize%... w @ ® ' X B a OH
*Apps ) scribble [T]intranet & QA (@ DevOps (@ ArchDev [l Gitter (I Opentracing [J] Estafet QA ¥ JIRA 52 GoDoc » [ Other Bookmarks

create-devops-¢
create-devops-er i
create-local-er OPENSHIFT ° e
create-local-envit I I n
create-local-test q

. o-local- t

create-prod-env

create-test

create-test

environment

stev vl Cre

steve? ]

&)
@

Starting OpenShi

Opcr‘Sva:t server ¢ 0 P E N s H I F T OR'GIN

The server is acce

https://192.1 Username J 9} Welcome to OpenShift Origin.

You are logged in

Password:
Login

To login as admini
oc login -u s

xporting of O
stev /minishift
mini
stev
/Users/stalbot/mi

aifiw 300 *°

steve? ./minishif




Machine Learning

Learning



Machine Learning




Machine Learning

Learning



Machine Learning

T =

Learning



Machine Learning

T =

Learning



Machine Learning

€ 1. Understand your data

== 2. It requires preprocessing

é 3. There's a lot of experimentation



Machine Learning

€ 1. Understand your data
== 2. It requires preprocessing

é 3. There's a lot of experimentation



Machine Learning

Process for new business
o O .
—

[ O Policy
Risk




Machine Learning

O Quicker
Yes
Qﬂ . . % and

Policy Better?

Risk

4
F‘.

Historic claims data




Machine Learning

£ £ *:' 1 Quicker
i & 2 X and
Child Infant Youth Better?
Claims Claims Claims
A A A
A A A
Malpractice Personal Public
Injury Liability

Historic claims data



Machine Learning




Machine Learning

[ ]
(5 Mmlogy
"»‘

LIC hospitals

I !
K.J Podi;w
A

PRIVATE hospitals

Severity / Claim amount




I
((

Machine Learning

‘;k @ k Mmlogy
8 X ¢ & A R i
ﬂ.J POd;.try PUBLIC hospitals
&

PRIVATE hospitals

Severity / Claim amount




Machine Learning

~
Data sources Ny

—
—




Machine Learning

Data sources v..,
—
=




) %
——

Machine Learning

Data sources e

|

=

coeur "heart”

Translation

Canonical form



Machine Learning

coeur "heart”

Translation

Canonical form



Machine Learning

coeur "heart”
) . D .
claimant sustained ag Translation
(perforated bowel Z
IS
are "be"

am

Lemmatisation

Stemming

Canonical form



vi

vi

vi

vi

vi

vi

Machine Learning

Multinominal Naive Bayes classifier
Multinomial Logistic Regression
Deep learning

Perceptron Neural network

etc.

Machine
Learning
Techniques



v Machine Learning

v
v (| )
Multinominal Naive Bayes classifier =
vl Multinomial Logistic Regression
Deep learning -
v
Perceptron Neural network -
vt = /
etc. Machine
Learning

Techniques
NLP techniques



v Machine Learning

v
v (| )
Multinominal Naive Bayes classifier =
v Multinomial Logistic Regression
Deep learning -
v
Perceptron Neural network -
vt = /
etc. Machine
Learning
Techniques

NLP techniques



vi

Machine Learning




vi

5% %

0%
ML Algorithm

Machine Learning



. Machine Learning
I
I

vi

I

75% *

0%
ML Algorithm




-~ Machine Learning
I
I

vi

I

75% % 75% X

0% il;lo%il.l

ML Algorithm ML Algorithm




Machine Learning
n N
I I
I I

vi V2

I B

5% Kk 75% X
0% il;lo% il.l

ML Algorithm ML Algorithm




N N
I I
vi v2 v3
vi v2

I B

5% % 75% * 75% ﬂ

0% il;.:o% il.lo%

ML Algorithm ML Algorithm ML Algorithm

Machine Learning




Machine Learning
n N
I I
I I

vi V2

I B

5% Kk 75% X
0% il;lo% il.l

ML Algorithm ML Algorithm




N N
I I
vi v2 v3
vi v2

I B

5% % 75% * 75% ﬂ

0% il;.:o% il.lo%

ML Algorithm ML Algorithm ML Algorithm

Machine Learning




N N
I I
vi v2 v3
vi v2

75% —*x 75% X 75%
0% il;.:o% il.lo/ ﬂ

ML Algorithm ML Algorithm ML Algorithm

Machine Learning

‘

LEARN

I



N N
I I
vi v2 v3
vi v2

I B

Machine Learning

‘

5% Kk 75% X 75% IDENTIFY WASTE
0% il;.:o% il.lo% ﬂ w‘?

ML Algorithm ML Algorithm ML Algorithm

LEARN

I



\

Estafet

Innovate | Deliver | Transform

Machine Learning

‘/me\<&x\<ox\<ENx\<ﬁu x\<wx\<&~x\<A xY&ExYwa\(wx\(EH XY&E"\(C"YonylR xYwa\De

] X

& C ‘(D Not secure | 89.25.21.85.xip.i0:8090/estafet-mca/faces/pages/results.xhtml

Qx|[0 i

=

g ParquetViewer_v1.0...z..

www.estafet.com

40
W 1237 50

30
40
% 20 % 30
20

10
10
0+ 0

Results
Modfl PareAnt ML Algorithms Name %
D D s
1238 Logistic Regression
1237 Multinominal Naive Bayes
1236 Logistic Regression
1235 Decision Tree
1234 Multinominal Naive Bayes
1233 Multinominal Naive Bayes

W 1238

Injury

Code Translations ...xlsx

L Q Train a model [ Test a model

File ¢

data-1529499889365.csv
data-1529499889365.csv
mca_extract_all_12_07_18.c
mca_extract_all_12_07_18.c
mca_extract_all_12_07_18.c
mca_extract_all_12_07_18.c

(10f1)

v

W 1238
W 1237

| W 1236

Service

a

Features 3

unigrams
unigrams
unigrams
unigrams
unigrams

unigrams,bigrams

[10 v

Injury

23 %

37 %

32%

36 %

30 %

28 %

v

]

80
60
%
20
0t

Loss

W 1238
| 1237
W 1236
W 1235
W 1234
W 1233

Service

47 %

37 %

0%

0%

0%

Loss =+

85%

88 %

85%

87 %

74 %

72%

Court

41 %

56 %

0%

0%

0%

0%

Court

estafet G

X X X X X X

W 1238
) 1237
w1235




\

Estafet

Innovate | Deliver | Transform

Machine Learning

‘/meYEx\(c.x\(ENx\(ﬁu x\<wx\<&~x\<A xY&ExYENx\(wx\(EH xY&Echx\(owaJR xYwa\De

] X

& C ‘(D Not secure | 89.25.21.85.xip.i0:8090/estafet-mca/faces/pages/results.xhtml

Qx|[0 i

=

g ParquetViewer_v1.0...z..

www.estafet.com

40
W 1237 50

30
40
% 20 % 30
20

10
10
0+ 0

Results
l:::)od:l I';‘[a)re:t ML Algorithms Name %
1238 Logistic Regression
1237 Multinominal Naive Bayes
1236 Logistic Regression
1235 Decision Tree
1234 Multinominal Naive Bayes
1233 Multinominal Naive Bayes

W 1238

Injury

Code Translations ...xlsx

L Q Train a model [ Test a model

File ¢

data-1529499889365.csv
data-1529499889365.csv
mca_extract_all_12_07_18.c
mca_extract_all_12_07_18.c
mca_extract_all_12_07_18.c
mca_extract_all_12_07_18.c

(10f1)

v

W 1238
W 1237

| W 1236

Service

a

Features 3

unigrams
unigrams
unigrams
unigrams
unigrams

unigrams,bigrams

[10 v

Injury

23 %

37 %

32%

36 %

30 %

28 %

v

]

80
60
%
20
0t

Loss

W 1238
| 1237
W 1236
W 1235
W 1234
W 1233

Service

47 %

37 %

0%

0%

0%

Loss =+

85%

88 %

85%

87 %

74 %

72%

Court

41 %

56 %

0%

0%

0%

0%

Court

estafet G

X X X X X X

W 1238
) 1237
w1235

ACT



% Estafet
Lessons

Innovate | Deliver | Transform

www.estafet.com



# Estafet
Lessons

Innovate | Deliver | Transform

www.estafet.com



# Estafet
Lessons

Innovate | Deliver | Transform

LEARN

T

www.estafet.com



Innovate | Deliver | Transform

# Estafet
Lessons

LEARN

I

~y t,“.
’ " o
‘ H DEV I oPs

o/

IDENTIFY WASTE

www.estafet.com



Innovate | Deliver | Transform

# Estafet
Lessons

2 -~
T
)

o/

IDENTIFY WASTE

www.estafet.com






Estafet

Innovate | Deliver Transform

Say hello to us at stand #12



